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This supplemental material file provides additional experimental results for our submitted paper titled “A Recursive Subdivision Technique
for Sampling Multi-class Scatterplots.” In the quantitative evaluation of our paper, 10 synthetic datasets were manually created with random
Gaussian classes and 27 real datasets were collected from Kaggle [3] and UCI data repository [4]. We provide the detailed results here. The
results include the screen shots generated by our method and three previously mentioned sampling methods [1, 2] and their corresponding
scores. In addition, to show our method can be easily extended to multi-dimensional data, we present a full scatterplot matrix with our sampled
result here. The covertype dataset from UCI repository [4] is used here.
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Extension of Our Method for Multi-dimensional Data

Input: a multi-class scatterplot matrix
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Output: our sampled result
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